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Regional occupancy increases for wide-
spread species but decreases for narrowly
distributed species in metacommunity time
series

Wu-Bing Xu 1,2 , Shane A. Blowes 1,2, Viviana Brambilla 3,
Cher F. Y. Chow 3, Ada Fontrodona-Eslava3, Inês S. Martins 3,4,
Daniel McGlinn5, Faye Moyes 3, Alban Sagouis 1,2, Hideyasu Shimadzu 6,7,
Roel van Klink 1,2, Anne E. Magurran 3, Nicholas J. Gotelli8, Brian J. McGill9,
Maria Dornelas 3,4,10 & Jonathan M. Chase 1,2

While human activities are known to elicit rapid turnover in species compo-
sition through time, the properties of the species that increase or decrease
their spatial occupancy underlying this turnover are less clear. Here, we used
an extensive dataset of 238 metacommunity time series of multiple taxa
spread across the globe to evaluate whether species that aremore widespread
(large-ranged species) differed in how they changed their site occupancy over
the 10–90 years themetacommunities weremonitored relative to species that
are more narrowly distributed (small-ranged species). We found that on
average, large-ranged species tended to increase in occupancy through time,
whereas small-ranged species tended to decrease. These relationships were
stronger in marine than in terrestrial and freshwater realms. However, in ter-
restrial regions, the directional changes in occupancy were less extreme in
protected areas. Our findings provide evidence for systematic decreases in
occupancy of small-ranged species, and that habitat protection couldmitigate
these losses in the face of environmental change.

Humans are accelerating pressures on biodiversity through the
Anthropocene due to the confluence of multiple drivers, including
habitat loss, climate change, overexploitation, and invasive species1,2. A
common consequence of this change is that the composition of
communities changes through time, where some species can be
“winners” and increase through time, while others are “losers” and

decrease3,4. One prominent hypothesis is that species that have larger
ranges and are more widespread tend to be winners during biodi-
versity change and increase in their abundance and/or occupancy
through time, whereas those more narrowly distributed species tend
to be losers and decrease in their abundance and/or occupancy
through time5–7. Reasons for this include the fact that widespread
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species tend to have wider niche breadth8 and more frequent
dispersal9 than more narrowly distributed species, and thus are more
likely to persist and/or increase in response to global environmental
changes. There is some evidence for this hypothesis, for example,
when comparing responses of small- and large-ranged species along
land-use gradients10, and for a few geographically and taxonomically
restricted groups through time5,6,11,12. However, other studies have
failed to find such relationships13,14, or even find opposite relationships
where narrow-ranged species increased through time15,16. Thus, the
generality of the relationship between range size and the likelihood of
a species winning or losing during the Anthropocene remains unclear.

In this study, we evaluated how species’ geographic range size is
associated with changes in species occupancy within a metacommu-
nity through time (Fig. 1). We define occupancy as the proportion of
sites where a species is present in a given year, and thus a species loses
occupancy when it occupies a smaller proportion of sites in sub-
sequent time points, and gains occupancy when it occupies a higher
proportion of sites in subsequent time points. When anthropogenic
pressures favor species that are more widespread and dis-
proportionately disadvantage those that are narrower-ranged, we
might expect a positive relationship between range size and temporal
changes in species occupancy (Fig. 1b)5,6,11. Alternatively, habitat
modifications and/or exploitation of widespread species could allow
small-ranged species to increase their occupancy15,16. Regardless of the
direction of change, the removal of anthropogenic pressures, such as
by establishing protected areas, would reduce any relationship
between range size and occupancy change (Fig. 1b).

To examine how changes in species occupancy are related to
species range sizes, we compiled 238 metacommunity time series
datasets (i.e., time series of species assemblages from multiple local
sites nested within a region) of multiple taxa, including plants, birds,
fish, mammals, amphibians and reptiles, and invertebrates, across
terrestrial, freshwater and marine realms from three published data
sources17–19, and a fourth data compilation on resurveys that was spe-
cifically intended for use in this and related studies (See Methods for
the description of the entire dataset). For our analyses, we selected
metacommunities that were sampled in at least two-time points with a

minimum of a 10-year time span (10–90 years, median = 16 years), and
from at least four local sites within a larger region (4–6308 sites
sampled eachyear,median = 26) (Supplementary Fig. 1). Because some
metacommunities were sampled in two years (i.e., the beginning and
end of a time series), while others were sampled multiple years
throughout the time series, we split thosewithmultiple sampling years
into two periods (near the beginning and end of the observation per-
iod), calculated the occupancy of a species in each period (the average
occupancy fromyearswithin the givenperiod), anddefinedoccupancy
change as the difference in the occupancyof a species between the late
and early periods (see Methods for details). We estimated species’
geographic range sizes as the number of 10-km grid-cells across the
world occupied by each species using occurrence records from the
Global Biodiversity Information Facility20 (Supplementary Figs. 2 and
3). These estimates were largely robust to the choice of method and
size of the grid-cell chosen (Supplementary Fig. 4). For our analyses,we
treat species’ geographic range size as a static variable because range
expansions or contractions for most species should be very small
relative to their global ranges during the relatively short monitoring
periods of our study (median = 16 years). By contrast, species occu-
pancy within metacommunities can experience substantial changes
over a few decades because it is based on species’ presence and
absence at local sites within relatively small regions21.

In this study, we assess the overall relationship between species
range size and occupancy change across metacommunity time series
and compare this relationship across terrestrial, freshwater, and mar-
ine realms using hierarchical linearmodels. For brevity, wewill refer to
the relationship between range size and occupancy chance as the
effect of range size (but note that the analysis is basedonobservational
data).Wefindanaverage increase in occupancy through time for large-
ranged species and a decrease through time in occupancy for small-
ranged species across all metacommunity time series. However, the
positive effect of range size differed among realms, with a stronger
effect in the marine than in terrestrial and freshwater realms. Fur-
thermore, we find that the relationship between range size and occu-
pancy change is less extreme in metacommunities embedded in areas
that receive some degree of protection from human activities relative
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Fig. 1 | Hypothetical relationships between species’ geographical range sizes
and temporal changesofoccupancy. aBycomparingmetacommunities surveyed
in two time periods, we illustrate two contrasting scenarios about how two species
with different range sizes might change their proportional occupancy through
time: (i) large-ranged species increase occupancy but small-ranged species
decrease occupancy; (ii) small-ranged species increase occupancy but large-ranged
species decrease occupancy. Other scenarios, such as both small- and large-ranged
species decreasing or increasing occupancy with differing magnitudes, are not

shown for clarity. b Changes of species occupancy through time as a function of
their range sizes from the scenarios illustrated in a. The effect of range size on
occupancy change is expected to be reduced or removed (iii) in protected areas if
the protection works (black arrows in b). For simplicity, the average changes of
occupancy are shown as zero when range size has no effect, although it is possible
that habitat protection can increase the occupancy of both small and large-ranged
species.
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to metacommunities in unprotected areas within the terrestrial realm,
suggesting that habitat protection could mitigate systematic biodi-
versity changes in the Anthropocene.

Results and discussion
Relationshipsbetween species range size andoccupancy change
We found strong evidence for a positive relationship between species
range sizes and occupancy changes through time across the meta-
communities (slope = 0.011, 95% credible interval (CI): [0.003, 0.019]);
Fig. 2 and Supplementary Table 1). That is, large-ranged species tended
to gain in occupancy, while small-ranged species tended to decline in
occupancy through time (Fig. 2b). This result is consistent with several
smaller-scale regional analyses5–7,11,12, and may reflect the capacity of
large-ranged species to tolerate changing environmental conditions as
a result of broader environmental tolerances (e.g., generalist strate-
gies), and/or greater dispersal capacities8,9.

While we found an overall positive effect of range size on changes
in occupancy, there was considerable variation in the slope estimates
of individual studies even among geographically adjacent regions

(Fig. 2a, c). Specifically, of the 238 studies we analyzed, 155 studies had
positive slopes, but only 17 of them differed from zero based on their
95% credible intervals. On the other hand, 83 studies had negative
slopes, but only 8 of those differed from zero based on their 95%
credible intervals. This suggests that despite the overall positive effect
of range size on occupancy change, different metacommunities con-
form to each of the hypotheses illustrated in Fig. 1 to varying degrees.
However, it is also clear that ecological processes other than range size
influence changes in species occupancy over time. For example,
intrinsic population fluctuations are prevalent in many natural
assemblages, which can drive species turnover without external
environmental changes22. In addition, biological traits other than range
size can influence how species change in their occupancy through
time. For example, warm-adapted species are favored relative to cold-
adapted species under climate warming23. Likewise, habitat modifica-
tion of forested ecosystems favors non-forest and disturbance-
adapted species relative to forest-dwelling and disturbance-
intolerant species24. As a result, even though our synthesis based on
hundreds of heterogeneous studies shows an overall positive
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Fig. 2 | Small-ranged species lose, but large-ranged species gain occupancy
over time. aGlobalmap showing the distribution of effects of range size (slope) on
occupancy change of 238 studies in terrestrial (n = 81, squares), freshwater (n = 68,
circles) andmarine (n = 89, triangles) realms. Inserts show detail for North America
(NA) and Europe (EU). For clear visualization, the slopes smaller than −0.06 or
greater than 0.06 were rounded to −0.06 or 0.06. b Changes in species occupancy
as a function of species’ range sizes. Occupancy changes are the difference in
occupancy between the late and early periods, shown as the square root- trans-
formed for the absolute magnitude. The black line and shading show the overall
positive relationship and 95% credible interval; colored lines and shading indicate

the relationship for terrestrial (orange), freshwater (blue) and marine (purple)
realms, estimated with a separate model. c Frequency distribution of study-level
slope estimates for all studies combined and different realms. Solid lines and
shadings show the overall slope estimate and 95%credible interval. The dashed line
shows the zero slope (no effect of range size). Bars are color-coded as dark orange
(positive, significant), light orange (positive, non-significant), light green (negative,
non-significant), and dark green (negative, significant) based on the sign of each
study-level slope estimate and whether its 95% credible interval overlaps zero. See
Supplementary Tables 1 and 2 for model summaries and sample sizes.
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relationship between range size and occupancy change, the large
variation around this trend is not unexpected and requires deeper
exploration.

One potential limitation of our study could emerge if most dis-
tribution records in GBIF we used to estimate range sizes were con-
tributed by the same assemblage data we used to estimate occupancy
change (e.g., some time series from the BioTIME dataset17 were
sourced and/or similarly contributed to GBIF). To evaluate whether
this sort of non-independence among the datasets might have influ-
enced our results, we compared the number of occurrences in the two
data sources (Supplementary Fig. 5), and repeated the analyses using
only species that have at least five times more records in GBIF than
records in our metacommunity assemblage data (13,876 of
16,651 species, 83.3%).We found a similar effect of range size using this
subset of data (Supplementary Fig. 6a). Additionally, we found quali-
tatively consistent results when range size was measured as the num-
ber of 50-km, or 100-km grid-cells, or the extent of occurrences
(Supplementary Fig. 7; see Methods for details on different measures
of range size). These sensitivity analyses suggest that the positive
effect of range size on occupancy change was robust to possible
uncertainty in estimating range size. Furthermore, our results were
robust to the approach used to filter sites within the metacommunity
(see Data standardization in Methods; Supplementary Fig. 6b).

Variation in range-size occupancy-change relationships across
realms
While our results showed that the overall effect of range size on
occupancy change was positive, there were differences across realms:
marine systems had the steepest slopes (slope =0.017, 95% CI: [0.004,
0.029]), terrestrial systems had moderate slopes (differed from zero
with only 90% certainty; slope =0.012, 90% CI: [0.001, 0.023], 95% CI:
[−0.002, 0.025]), and freshwater systems showed no effects (slope =
0.000, 95%CI: [−0.016, 0.017]) (Fig. 2b, c and Supplementary Table 2).
The steep slopes inmarine systems are consistentwith the observation
that species compositional turnover is also higher in marine systems25.
One potential reason could be that species sensitivities to environ-
mental changes (e.g. climatewarming) are higher in themarine realm26

and there are fewer dispersal barriers. Freshwater systems, on the
other hand, showed no relationships between range size and occu-
pancy shifts, possibly because range sizes of freshwater species are
mainly determined by the hydrological connectivity of drainage

basins27, which could weaken their biological capacity to respond to
environmental changes. Freshwater results might also differ because
habitat conditions in some areas have benefited from restoration and
mitigation efforts28, allowing some taxa to increase29. Despite the
considerable variation, we found that the differences among realms
were largely consistent among taxonomic groups and geographic
regions (Supplementary Figs. 8 and 9). For the few instances with
anomalous results, they usually had few studies and thus low con-
fidence. For example, our analyses suggested an opposite, negative,
association in South American freshwater, however, only four datasets
were sampled in that region.

Effectiveness of protected areas
To mitigate the potential influence of anthropogenic pressures on
biodiversity, humanity has designated ~17% of terrestrial areas and
inland waters and ~8% of coastal and marine areas30 as ‘protected’ in
some way. While there is some evidence that protected areas effec-
tively conserve biodiversity31,32, these designations do not protect
against all human pressures, which could reduce their effectiveness33.
Todeterminehow the establishmentof protected areasmightmitigate
the influence of range size on occupancy change, we quantified the
proportion of surveyed sites within a given region (i.e. metacommu-
nity) that were assigned some sort of protected status prior to the
sampling in the late period (Supplementary Fig. 10). We found a
negative interaction between range size and the proportion of sites
with some protection status on occupancy change in the terrestrial,
but not freshwater or marine, realms (Fig. 3 and Supplementary
Table 3). That is, in terrestrial systems, the relationship between range
size and occupancy change tends to be less extreme when regions are
more protected compared to non-protected regions (Fig. 3). This
suggests that habitat protection might be successful in stemming
some aspects of biodiversity change, in particular, by minimizing the
increase in occupancy of large-ranged species and the decrease in
occupancy of small-ranged species in terrestrial ecosystems. This is
consistent with observations that there are oftenmore threatened and
endemic species32 and fewer invasive species34 in protected areas,
which may prevent some threatened and endemic species with small
ranges from extirpation and invasive species with large ranges from
expanding in protected areas.

Our results on the influence of protected areas were consistent
when we used all protected areas, including those that were
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Fig. 3 | Effect of habitat protection on the relationship between range size and
occupancy change for terrestrial, freshwater, and marine realms. The coeffi-
cient (β) of the interaction between range size and proportion of sites that occur
within protected areas for each realm and its 95% credible interval are shown at the
top. The purple solid lines show the predicted relationship when no sites within a

metacommunity are protected, while the blue solid lines show the predicted
relationship when all sites within a metacommunity are protected; the shading
shows the 95% credible intervals. The model summary and sample size are in
Supplementary Table 3.
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established more recently (Supplementary Fig. 11), and when the
degree to which a region is protected was measured as the proportion
of the spatial extent of a given metacommunity covered by protected
areas (Supplementary Fig. S12). Because the effect of protection status
may be mediated by other study characteristics (Supplementary
Fig. S13), we fit amodel considering protection status together with six
other variables, including latitude, regional species richness, spatial
extent of sampled sites, number of samples, duration and start year of
sampling. We found a consistent effect of protection to mitigate the
relationship between range size and occupancy change in the terres-
trial realm,whereas all other variables except regional species richness
and start year of sampling had no significant effects (Supplementary
Table 4). The difference in the effect of protection among realms may
result because many marine and freshwater protected areas have not
reached their full conservation potential, for example, due to diffi-
culties in enforcing protection and/or emigration of animals outside
protection boundaries in highly interconnected habitats35,36. In addi-
tion, compared to terrestrial regions, only a few regions from the
marine and freshwater realms were situated within protected areas
(Supplementary Fig. 10), which could reduce our ability to detect any
influence of protection in marine and freshwater realms.

Caveats and implications
Overall, our results support the hypothesis that small- and large-
ranged species differ in how they are responding to the last several
decades of the Anthropocene. These results generalize previous
smaller-scale studies5–7,11,12 to suggest this is a common phenomenon.
With our current analyses, however, we cannot directly address the
drivers of this result, nor can we specifically determine potential
mechanisms behind this overall result for a multitude of taxa, geo-
graphic regions, and scales on which the individual studies took place.
Nevertheless, we suggest that it is likely that the trends we observed
emerged because ongoing environmental change have small, or
positive, effects on widespread species with broader habitat breadth,
while small-ranged species with narrower habitat breadth may be
disfavored under anthropogenic pressures8,37,38. Concurrent with dif-
ferences in habitat breadth, larger-ranged species also tend to have
stronger dispersal abilities, at least in some cases9,39. Both broader
habitat breadth and higher dispersal rates may be associated with the
positive relationships we observed for larger-ranged species increas-
ing occupancy over time. For example, species with larger habitat
breadth, dispersal rates and native range sizes are more likely to
become naturalized and invasive outside of their native range, leading
to increases in occupancy through time40,41. It is also important to note
that range size, which we have used as a predictor of species occu-
pancy change, is an emergent property of species that results from
underlying mechanisms associated with species traits and biogeo-
graphic constraints8,42–44. Past human pressures that occurred well
before the temporal trends analyzed here are also associated with
differences in species range sizes45 and could have influenced our
results. To more fully understand the mechanisms underlying our
findings, it would be important to clarify how underlying biological
traits influence range size, which in turn influences the likelihood of
gaining or losing occupancy through time. For example, in addition to
habitat breadth and dispersal ability, several other traits seem to be
associated with range size at least in some taxa and systems, including
body size, fecundity, longevity, habitat preference, and nutrient
demands, among others6,42,46–49. However, a synthetic analysis across
multiple taxa and realms, such as what we have done here, would
require comparability among those traits in order to detect general
patterns, which is challenging, if not impossible. Nevertheless, some
traits, such as body size, incorporate numerous underlying traits (e.g.,
life history) and can be compared across taxa, providing a potentially
important next step for analyses of species occupancy change
through time.

Although our focus here has been on changes in occupancy
through time at the species level, our results have implications for
understanding the directional compositional turnover of commu-
nities. Globally, the turnover of species composition in communities
through time tends to be occurringmore rapidly than expected due to
random chance25,50. What has been less clear is whether there are
species characteristics that lend advantages or disadvantages in
response to environmental change through time, which might ulti-
mately lead to scale-dependent biodiversity changes51 and/or biotic
homogenization3,52. Our results show a general trend that smaller-
ranged species are decreasing in occupancy through time, and that
these tend to be replaced by larger-ranged species that are increasing
in occupancy through time. Finally, because we found that directional
changes in species distributions are weakened in regions that have
higher levels of protection, at least in the terrestrial realm, we confirm
that habitat protection can provide important mitigation against sys-
tematic biodiversity changes in the Anthropocene.

Methods
Temporal metacommunity assemblage data
To analyze temporal changes of species occupancy within a meta-
community (i.e., multiple localities within a region), we searched for
datasets that had survey data of an assemblage sampled using a similar
methodology from at least four local sites each year, spanning at least
10 years between the first and last sampling date. We extracted data
from four open-access databases of compiled assemblage time series
from sites across the world, including BioTIME17, RivFishTIME18,
InsectChange19, and a previously unpublished database (hereafter
Metacommunity Resurveys53). Metacommunity Resurveys was speci-
fically compiled for synthesizing patterns of temporal change in
metacommunities (for this and related studies), with most of its stu-
dies designed to ‘resurvey’ sites that had been surveyed 10+ years
previously using similar methods. While RivFishTIME focusses speci-
fically on fish in streams and rivers, and InsectChange focusses speci-
fically on insects, the BioTIME and Metacommunity Resurveys
compilations contain data on various taxa (e.g., plants, mammals,
birds, invertebrates) from multiple realms (terrestrial, freshwater and
marine).

In all, we compiled a total of 238 studies (see Supplementary
Table 5 for the list of studies and citations of original studies),
including 81 terrestrial, 68 freshwater and 89 marine studies. One
hundred of these studies came from BioTIME17, 34 came from
RivFishTIME18, 23 came from InsectChange19 and the remaining
81 studies came from the Metacommunity Resurveys compilation53.
Here, “study” refers to data on surveys of assemblages over time at
multiple-sites within a region (i.e., a metacommunity time series;
usually collected by the same team of investigators and/or using the
same methodology). For each study, we ensured that the sampling
effort was largely equivalent across time, or could be standardized to
be so. If two ormore regions or taxonomic groups were present in the
same dataset, they were treated as separate studies. The datasets
including multiple studies were usually compilations of original sur-
veys from different regions. There were only seven regions that con-
tained surveys on two or three taxonomic groups, contributing to a
total of 15 studies. Our selected studies had a median of 10 sampling
time-points (2–75 points), and a median of 26 sites (4 − 6308 sites) at
each time point. The data spanned from 1927 to 2021, with a median
start year of 1994, and a median duration of 16 years, ranging from 10
to 90 years (Supplementary Fig. 1).

We examined species dynamics through time within each meta-
community. By comparing species presence and absence and occu-
pancy changes between late and early periods (see ‘Calculating
occupancy’), species were classified into five groups: lost (present in
the early period, but absent in the late period), gained (present in the
late period, but absent in the early period), persisted with increased
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occupancy (present in both periods, but higher occupancy in the late
period), persisted with decreased occupancy (present in both periods,
but higher occupancy in the early period), persisted with stable
occupancy (present in both periods with no occupancy changes).
Across our dataset, we found a median of 16.7% gained species (per-
centage of all species found in a given metacommunity; the same
below), 12.0% lost species, 26.5% persisted species with increased
occupancy, and 24.3% of persisted species with decreased occupancy
(Supplementary Fig. 14). These strong species dynamics allow us to
detect the effects of species’ range size on occupancy change
through time.

Harmonizing taxon names
To account for changes in taxonomy across surveys, we determined
accepted species names for each species based on the taxonomy from
theGBIF backbone54.We used theGBIF backbonebecause it provides a
synthetic classification for all taxonomic groups, and the accepted
species names were also used to extract occurrences from GBIF to
estimate species’ range size. Because not all taxonomic names in the
original datasets were identified to species, 19,110 of 25,607 (74.6%)
names were standardized as a species in the GBIF backbone. Of these
standardized species, 99% (18,914) species have distribution occur-
rences in GBIF. We selected studies that had at least 10 species with
range size estimates for our analyses. In the selected studies, most of
the sampled species have range size estimates, with the median of the
proportion of species within studies that had range size estimates as
91% (Supplementary Fig. 15a). Further, there was no correlation
between the proportion of species within studies that had range size
estimates and the study-level effect of range size on occupancy change
(Supplementary Fig. 15b), suggesting missing some species without
range size estimates had little influence on our results.

Data standardization
Because the number and spatial configuration of sites can influence
estimates of species occupancy, and most studies had different num-
bers and locations of sites across years, we developed an approach to
maximize the number of sites in an approximately constant spatial
configuration sampled at least two years for each study. We first sub-
divided the sampled extent into grid-cells with a resolution defined as
1/5 the mean of the longitudinal and latitudinal spans of each study.
The selected resolution was a trade-off between coarse resolutions
which would reduce abilities to choose sites in similar spatial config-
urations across years and finer resolutions which would result in the
loss of many sites that cannot be matched through years (see next
paragraph for a sensitivity analysis of this approach). We kept all cells
that contained surveys across all years, and cells with more than half
the average number of sites across cells. We then calculated the
number of sites that co-occurred in the same cells between all possible
year-pairs with an interval longer than 10 years. We determined which
two years had more co-occurring sites than the 90% of the maximum
co-occurring site number and spanned a longer duration (tomaximize
both spatial and temporal extent in a given study). We selected the
cells that contained surveys in both determined years. Other years
were compared to the two determined years, and we kept the years
that had sites in more than 90% of selected cells (weighted by the
relative number of sites in each cell). This resulted in a dataset with
sites in similar spatial configurations across years. However, the
number of sites in the filtered dataset may differ across years. We thus
used sample-based rarefaction to account for the variation in the
number of sites (see ‘Calculating occupancy’). Prior to this, we exclu-
ded years with fewer than half the mean number of sampled sites,
providing the remaining years surveyed spanned at least 10 years.

To test the sensitivity of our results to this approach of site-
matching, we further filtered the above dataset by keeping only sites
that have the exact geographic coordinates across years. Similar to the

primary approach, we compared locations of sites between all possible
year-pairs with an interval longer than 10 years, and determined which
two years had more sites in the same locations than the 90% of the
maximum number of same-location sites and spanned a longer dura-
tion. We then selected the shared sampled sites in the two determined
years and kept the years that sampled all these sites. Compared to the
‘grid-based’ filtered dataset, 32 studies were lost in the resultant
dataset, of which 31 were from the marine realm, leaving a total of
206 studies; the number of samples (samplings at a location in a year)
was reduced from 727,356 to 41,774 for all studies, from 552,943 to
8685 for marine studies, from 90,402 to 10,487 for freshwater studies,
and from 84,011 to 22,603 for terrestrial studies.

We also standardized the sampling effort so that it was as con-
sistent as possible across all sites and years. Some studies collected
different numbers of samples (e.g. transects) across sites and years, in
which we standardized using sample-based rarefaction55 to randomly
select an equal number of samples, which were then combined to
provide one sample per year for each site. Some studies used different
sampling methodologies for different sampling events (e.g. seining
and electrofishing for collecting freshwater fish). For these, we iden-
tified the methodology that was used in the greatest number of sites
within a given region, and standardized sampling efforts only using the
data collected with that methodology.

Calculating occupancy change
We first calculated each species’ occupancy within each meta-
community in eachyear.Occupancywasdefined as the number of sites
where a specieswaspresent in a given yeardividedby the total number
of sites surveyed in that year. While many of the studies provided data
that were collected periodically throughout the time series17–19, a
substantial proportion of the studies in our data compilations were
based on resurveys of historical data where surveys only took place
during only two time points56,57 (e.g., historical versus recent periods).
Because of this, and to provide more straightforward analyses and
interpretations of all datasets, we focused our analyses on changes in
occupancy between two periods–near the beginning and end of the
time series. For studies that had only two-time points, we used data
from the first and last years to calculate occupancy in the early and late
periods. For studies that had data frommore than two-time points, we
used the middle year of a given time series and defined the years
before the middle year as the early period and the years after the
middle year as the late period. Becausemany timeseries didnot collect
data regularly (e.g. every year, every two years), we standardized
sampling effort (number of years) before and after the mid-point by
taking theminimumnumber of years sampled in either the early or late
periods and selected that number of years from the other period. For
the period that had more time points sampled, we used the earliest
years needed for the early period or the latest years needed for the late
period to maximize the duration between observations. Of the
238 studies, 177 of them had multiple years in both early and late
periods. For these studies, the median of the number of years per
periodwas 5,with a rangeof 2 to 35 years.Wedefined theoccupancyof
each species for a givenperiod that had samples frommultiple years as
the average occupancy of that species across those years. For a site
that was observed for several years during a given period, it con-
tributed multiple samples in the calculation of average occupancy.
Here, a sample was defined as an observation event of a local site
within a year. That is, the occupancy of a species in a given period was
calculated as the number of samples where a species was present
across the years in that period divided by the total number of samples
in the same period. We then calculated the change in each species’
occupancy as the differences in its occupancy between the late and
early periods.Occupancy changes varied from −1 to 1, with a value of−1
indicating a species was present in all samples in the early period, but
absent from all samples in the late period, and a value of 1 indicating a
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specieswaspresent in all samples in the late period, but absent fromall
samples in the early period.

In the calculation of occupancy, we accounted for variation in the
number of sites sampled across years by calculating the minimum
number of sites in a year and randomly selecting this number of sites
from each time point. We repeated this rarefaction process 200 times
to test whether our results were robust to the random samples selec-
ted. In each iteration, we calculated species occupancy and tested the
relationship between range size and occupancy change. Because dif-
ferent species sets can be sampled across rarefaction iterations,wedid
not calculate the mean species occupancy across iterations. We
reported results based on one iteration in the main text and showed
the frequency distribution of overall slope estimates of the relation-
ship between range size and occupancy change across 200 iterations
in Supplementary Fig. 16.

Estimating range size
To estimate each species’ range size, we compiled occurrences from
the Global Biodiversity Information Facility in December 202220. We
cleaned occurrence records by excluding: (a) records without coor-
dinates; (b) records based on fossils, material samples, and living col-
lections; (c) records with reported uncertainty in coordinates larger
than 100 km; (d) records located at country centroids, capitals, bio-
diversity institutions, localities with equal latitude and longitude, and
zero coordinates; (f) duplicated records of species within grid-cells of
0.01 °. We further excluded records in the sea for terrestrial and
freshwater species, and records on land for marine species using the
10-km buffered worldwide land and ocean maps. The final dataset
includes 189,370,752 occurrence records for 18,715 species. We used
the R package ‘rgbif’58 and ‘CoordinateCleaner’59 to download and
clean occurrences.

Based on GBIF occurrences, we estimated species’ range size in
twoways: area of occupancy (AOO) and extent of occurrences (EOO)60

(Supplementary Fig. 2). We estimated AOO as the number of grid-cells
thatwereoccupiedby a species. This approach tends to underestimate
ranges due to incomplete sampling, but avoids overestimating ranges
due to fragmented and noncontinuous distributions. Furthermore,
AOO is less sensitive to outliers than EOO. We estimated AOO using
three grid-cell resolutions: 10 km× 10 km, 50km× 50 km, and
100 km× 100 km. These and similar resolutions have often been used
when estimating geographic range size in similar studies10,11. Following
previous studies61,62, we estimated EOO as the area of alpha hulls for
species with more than three occurrences. The alpha hull is a gen-
eralization of the convex hull63 and allows the constructed geometric
shape to be several discrete polygons dependent on the value of the
parameter alpha. We used the alpha value of six to construct alpha
hulls, as recommended by ref. 61, using the R package ‘alphahull’63. For
species with fewer than three records, the summed area of 10-km
buffers around each point was used to estimate their EOO, as per-
formed in ref. 64.

For each species, we calculated one value for each measure of
range size, which was assumed to have no or only very small changes
during the relatively short monitoring periods of our study (median =
16 years), and thus regarded as a static measure. We acknowledge that
species’ geographic range size can change over time, but range
expansions or contractions for most species should be very small
relative to their global ranges at the time scale of assemblage mon-
itoring periods in this study. By contrast, species-proportional occu-
pancy within a region can experience substantial changes during a few
decades.

Although there is uncertainty in the estimates of geographical
range size due to sampling bias in GBIF, this is unlikely to influence our
results because we only directly compared range sizes of species
within studies and our hierarchically structured models accounted for
differences across studies. That is, we only require estimates of relative

differences in range sizes of species within the same taxonomic group
and region from individual studies. In addition, most of the studies in
our dataset came from Europe (n = 45) and North America (n = 65), as
well as the Atlantic (n = 50) and Pacific (n = 33) Oceans (usually located
on the coast and near offshore), where GBIF occurrences have rela-
tively good coverages (https://www.gbif.org). Moreover, there were
strong correlations (Pearson’s r > 0.87) among different estimates of
range size calculated in this study (Supplementary Fig. 4). We showed
results based on AOO estimated at the resolution of 10-km in the main
text and performed sensitivity analyses using other estimates of range
size. In this study, we did not use IUCN range maps to calculate range
size because they were not available for all of our study species (e.g.
most invertebrates,fishes andplants) andprevious studies have shown
that range size estimates based on GBIF occurrences and IUCN range
maps were strongly positively correlated10,11.

Protected status
Because habitat protection is an important strategy for minimizing
potential biodiversity change, we tested whether the relationship
between range size and occupancy change varied with the degree to
which a given study region (i.e. metacommunity comprising multiple
local sites) is protected. We obtained data on protected area bound-
aries and year of inscription from the 2022 World Database on Pro-
tected Areas (WDPA)65. Following recommendations in the WDPA
website (https://www.protectedplanet.net/en/resources/calculating-
protected-area-coverage), we extracted those protected areas that
have a status of “designated”, “inscribed”, or “established”, and were
not designated as UNESCO Man and Biosphere Reserves. We used
protected areas with detailed geographic boundaries (polygons) and
those represented in points. For the protected areas represented by a
single point, we generated a buffered area around each point with an
area equal to the recorded area. There weremany protected areas that
were established recently, particularly marine protected areas, whose
area coverage increased from <1% in 2005 to ~7.6% by 202165. We thus
only included protected areas that were established prior to the sam-
pling in the late period of each metacommunity when evaluating
whether a site was given protected status for our main analysis.
However, we also performed sensitivity analyses using all protected
areas, including those that were established more recently, because
protected areas are usually established in high-quality ecosystems and
those recently established protected areas were likely already of high
quality before given official protection status.

For each study, we calculated the number of local sites that fall
within protected areas and then divided that by the total number of
sites within a given region (Supplementary Fig. 10). The proportion of
sites that were given some sort of protected status was used to
represent the degree to which a region is protected. Because species
can disperse across continuous space, species occupancy within a
given metacommunity is possibly affected by the protection status of
the whole spatial extent of a metacommunity. To represent the spatial
extent of a given metacommunity, we constructed a convex hull
comprising all local sites in each metacommunity. We cropped the
convex hull to keep only areas on the land for terrestrial and fresh-
water metacommunities and only areas in the sea for marine meta-
communities. We overlaid polygons of protected areas over each
cropped convex hull of the metacommunity to calculate the propor-
tion of the spatial extent of themetacommunity covered by protected
areas (Supplementary Fig. 10). We used the proportion of sites in a
metacommunity that fall within protected areas in the main analyses
and the proportion of the spatial extent covered by protected areas in
a sensitivity analysis.

There were 43 studies in our data where we only had a single,
central coordinate for the region, but no coordinates for individual
local sites. For these studies, we determined the protected status of
these regions based on regional descriptions in original papers. If a
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region was protected overall, all sites in the region were regarded as
protected. If a region was influenced by strong human activities (e.g.
farming), no sites in the region were regarded as protected. For
regions whose protected status cannot be determined based on
regional descriptions, we determined their protected status based on
whether their regional central locations were located in protected
areas if the regional extents were less than 10 km2; but for regions with
large extents (>10 km2), we left the protected status as ‘unknown’
(20 studies), and these studies were excluded from the analysis of the
effectiveness of protected areas.

Statistical analyses
We analyzed the relationship between species’ geographic range sizes
and temporal changes in species occupancy using hierarchical linear
models. Because most values of occupancy change were distributed
around zero, we fit and compared models regressing occupancy
change as a function of range size using three error distributions
(Gaussian, asymmetric Laplacian and Student’s t) in preliminary ana-
lyses. However, all these models do not well describe the empirical
distribution of occupancy changes based on posterior predictive
checks using the ‘pp_check’ function in the R package ‘brms’66 (Sup-
plementary Fig. 17). To decrease the kurtosis of occupancy changes,
we first square root-transformed the absolute value of occupancy
change, and then multiplied that by the sign of the change (termed as
‘sign*square root-transformation’) (see e.g., Jandt et al.67 for a similar
usage). These transformed occupancy changes still had values ranging
from −1 to 1. Range size was log10-transformed and centered by sub-
tracting the mean (log) range size before fitting models, and back-
transformed for presentation in figures. We estimated the overall
relationship between range size and occupancy change, while allowing
the intercept and slope of the relationship to vary for each study. That
is, the intercept and slope of the relationship were estimated as fixed
effects and also random effects for each study. We also allowed the
variance of occupancy change to vary across studies. The variance of
occupancy change was expected to decrease with the number of
samples that were used to calculate occupancy in each period. For
example, if a species in a metacommunity with four samples in each
period went randomly extinct in one sample, its occupancy would
decrease by 0.25; while a species would decrease occupancy by only
0.01 if it randomly went extinct from one sample in a metacommunity
with 100 samples in each period. We thus modeled the logarithm of
standard deviation of occupancy change as a function of the log-
transformed number of samples that were used to calculate occu-
pancy. The model had the form:

Δpij ∼Normalðμij , σiÞ
μij = ðβ0 +u0iÞ+ ðβ1 +u1iÞrangej,

logðσiÞ=η0 +η1 logðnsampiÞ

Where Δpij is the sign*square root-transformed occupancy change for
the jth species in the ith study; rangej is the log10-transformed and
centered range size for the jth species; nsampi is the total number of
samples in each period in the ith study; β0 and β1 are the global
intercept and slope (fixed effects) that estimate mean occupancy
change (μij); u0i and u1i are the departures of study-level intercepts and
slopes from the β0 and β1, respectively; η0 and η1 are the intercept and
slope to fit the logarithm of standard deviation of occupancy
change (σi).

To examine the variation in the effect of species range size on
occupancy changes across studies, we first extracted the slope esti-
mates of the individual studies from the above hierarchical linear
model. We used the 95% credible interval of each study-level slope
estimate to determine which studies had positive or negative slopes
that were different from zero.

Second, we examined variation in range-size occupancy-change
relationships associated with realms and geographic regions where
studies were located, as well as the taxonomic groups considered. We
classified realms into terrestrial, freshwater and marine. Geographic
regions for terrestrial and freshwater studies were classified according
to the continents where studies took place: Africa, Asia, Australia,
Europe, North America, and South America. Marine studies were
classified according to the oceans where the studies took place: Arctic
Ocean, Atlantic Ocean, Indian Ocean, Pacific Ocean, and Southern
Ocean. As there were few studies located in the Arctic Ocean (n = 2),
Indian Ocean (n = 3), and Southern Ocean (n = 1), they were combined
into one group for analyses. Taxa were lumped into the following
groups: amphibians and reptiles, birds, fish, invertebrates, mammals,
and plants. Seven marine studies classified as ‘multiple taxa’ and 11
marine studies classified as ‘benthos’ in BioTIME included multiple
taxonomic groups but had one group that usually dominated. To
simplify interpretation, we reclassified the taxa of these studies into
the taxonomic group that included most species within each study
(see Supplementary Table 5 for these studies). As we were primarily
interested in comparing the effects of range size across realms, we fit a
model with a two-way interaction between range size and realm. To
evaluate how the effects of range size varied across geographic regions
and taxa in different realms, we fit models with three-way interactions
among range size, realm and region (or taxon) in preliminary analyses.
However, these models did not converge, probably because not all
regions or all taxa had data in each of the three realms. We thus
combined realms and regions (realm-region), and realms and taxa
(realm-taxon), and fit models with a two-way interaction between
range size and realm-region (or realm-taxon). All models with inter-
actions included an intercept and slope (fixed effects) for each
categorical group.

Third, we evaluated how the establishment of protected areas can
affect the relationship between range size and occupancy change in
different realms.We fit amodel with an interaction between range size
and the proportion of sites within a given region that were given some
sort of protected status for each realm (i.e. three-way interaction:
range size*protection*realm). When the main effect of range size on
occupancy change was positive, a negative interaction between range
size and protection level would suggest that the relationship between
range size and occupancy change tends to be weaker in regions that
received higher protection. In themain results (Fig. 3), we reported the
results from a model using the proportion of sites in those protected
areas that were established prior to the sampling in the late period.
However, for sensitivity analyses, we also provided results in the sup-
plement using the proportion of sites in protected areas established at
any time points (Supplementary Fig. 11). We also provided a sensitivity
analysis using theproportion of the spatial extent of ametacommunity
covered by protected areas instead of the proportion of sites that fall
within protected areas (Supplementary Fig. 12). To evaluate whether
the interaction between range size and protection level was influenced
by other covariates, we fit another model including additional inter-
actions between range size and each of six study characteristics for
each realm. These six study characteristics included the absolute
central latitude of study sites, the total species richness within a given
region, the extent of sampled sites (the area of the convex hull
incorporating all sites or the bounding box from original studies when
local coordinates were not available), the number of samples used to
calculate occupancy in each period, the duration and start year of
sampling (Supplementary Fig. 1).

Model fitting
We employed Bayesian inference to fit all models using the R package
‘brms’66. Models were run using 4 chains, each with 8000 iterations,
with a warm-up of 4000. We used the default non-informative brms
priors for all parameters. We assessed convergence by using Rhat
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values (Gelman-Rubin diagnostic) and visually examining Markov
chains. All analyses were run in R v.4.0.268.

Sensitivity analyses
We evaluated the sensitivity of our results to how we matched sites
through years and how we estimated range size. To include as much
data as possible in analyses, we used the ‘grid-based’ filtered dataset in
main analyses. To test the sensitivity of our results to the data filtering
approach, we repeated analyses using the subset that contained sites
in the exact same locations across years. Due to uncertainty in esti-
mates of range sizes, we calculated four values of range size for each
species using different measures and spatial resolutions. To test
whether our results were sensitive to these estimates, we repeated
analyses using all other estimates of range size besides the AOO based
on the resolution of 10-km used in themain analyses, and reported the
overall effect of range size and study-level slope estimates (Supple-
mentary Fig. 7). Because at least some of the assemblage-level datasets
used to estimate occupancy change are alsopresent inGBIF (e.g., some
time series fromBioTIMEwere sourced and/or similarly contributed to
GBIF), there could be some concerns about circularity in our com-
parisons of occupancy change and range size. This was not likely the
case, however, because we found that when we compared the number
of occurrences (number of occupied 0.01° grid cells) for each species
using these two datasets, most species (17,720 of 18,715, 94.9%) had
considerably more occurrences in GBIF than the assemblage-level
dataset (Supplementary Fig. 5). Nevertheless, some species had more
records in the assemblage dataset, whose range sizes were probably
underestimated. We thus tested the sensitivity of our results including
only the species that had at least five times more occurrences in GBIF
than in the assemblage-level dataset in statistical analyses.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
All of the data used in this analysis are open access and available on
GitHub (https://github.com/Wubing-Xu/Range_size_winners_losers),
and are mirrored on Zenodo (https://doi.org/10.5281/zenodo.
7675355)69. Additionally, the original sources of data used in this
study are publicly available. The BioTIME data can be accessed on
Zenodo (https://doi.org/10.5281/zenodo.2602708)17 or through the
BioTIME website (https://biotime.st-andrews.ac.uk/); the RivFishTIME
data can be accessed through the iDiv Biodiversity Portal (https://doi.
org/10.25829/idiv.1873-10-4000)18; the InsectChange data can be
accessed on KNB (https://doi.org/10.5063/F11V5C9V) or through the
data paper (http://onlinelibrary.wiley.com/doi/10.1002/ecy.3354/
suppinfo)19; the ‘Metacommunity Resurveys’ data can be accessed
through the iDiv Biodiversity Portal (https://doi.org/10.25829/idiv.
3503-jevu6s)53; the species occurrences are available on Global Biodi-
versity Information Facility (https://doi.org/10.15468/dl.6vdkbn)20; the
protected area data are available on World Database on Protected
Areas (accessed October 2022; https://www.protectedplanet.net/en/
thematic-areas/wdpa?tab=WDP)65.

Code availability
The R code used for standardizing the data and doing the analyses
presented here are available on GitHub (https://github.com/Wubing-
Xu/Range_size_winners_losers), and are mirrored on Zenodo (https://
doi.org/10.5281/zenodo.7675355)69.

References
1. Díaz, S. et al. Pervasive human-driven decline of life on Earth points

to the need for transformative change. Science 366,
eaax3100 (2019).

2. Leclère, D. et al. Bending the curve of terrestrial biodiversity needs
an integrated strategy. Nature 585, 551–556 (2020).

3. McKinney, M. L. & Lockwood, J. L. Biotic homogenization: a few
winners replacing many losers in the next mass extinction. Trends
Ecol. Evol. 14, 450–453 (1999).

4. Dornelas, M. et al. A balance of winners and losers in the Anthro-
pocene. Ecol. Lett. 22, 847–854 (2019).

5. Finderup Nielsen, T., Sand-Jensen, K., Dornelas, M. & Bruun, H. H.
More is less: net gain in species richness, but biotic homogenization
over 140 years. Ecol. Lett. 22, 1650–1657 (2019).

6. Staude, I. R. et al. Directional turnover towards larger-ranged plants
over time and across habitats. Ecol. Lett. 25, 466–482
(2022).

7. Xu, W. B. et al. Human activities have opposing effects on dis-
tributions of narrow-ranged andwidespread plant species in China.
Proc. Natl. Acad. Sci. USA 116, 26674–26681 (2019).

8. Slatyer, R. A., Hirst, M. & Sexton, J. P. Niche breadth predicts geo-
graphical range size: a general ecological pattern. Ecol. Lett. 16,
1104–1114 (2013).

9. Alzate, A. & Onstein, R. E. Understanding the relationship between
dispersal and range size. Ecol. Lett. 25, 2303–2323 (2022).

10. Newbold, T. et al. Widespread winners and narrow-ranged losers:
Land use homogenizes biodiversity in local assemblages world-
wide. PLoS Biol 16, e2006841 (2018).

11. Staude, I. R. et al. Replacements of small- by large-ranged species
scale up to diversity loss in Europe’s temperate forest biome. Nat.
Ecol. Evol. 4, 802–808 (2020).

12. Lewthwaite, J. M. M. &Mooers, A. Ø. Geographical homogenization
but little net change in the local richness of Canadian butterflies.
Glob. Ecol. Biogeogr. 31, 266–279 (2021).

13. Daskalova, G. N., Myers-Smith, I. H. & Godlee, J. L. Rare and com-
mon vertebrates span a wide spectrum of population trends. Nat.
Commun. 11, 4394 (2020).

14. Bowler, D. E. et al.Winners and losers over 35 years of dragonfly and
damselfly distributional change in Germany. Divers. Distrib. 27,
1353–1366 (2021).

15. Inger, R. et al. Common European birds are declining rapidly while
less abundant species’ numbers are rising. Ecol. Lett. 18,
28–36 (2015).

16. Smith, C., Harrison, T., Gardner, J. & Winfree, R. Forest-associated
bee species persist amid forest loss and regrowth in eastern North
America. Biol. Conserv. 260, 109202 (2021).

17. Dornelas, M. et al. BioTIME: a database of biodiversity time series for
the Anthropocene. Glob. Ecol. Biogeogr. 27, 760–786 (2018).

18. Comte, L. et al. RivFishTIME: A global database of fish time‐series to
study global change ecology in riverine systems. Glob. Ecol. Bio-
geogr. 30, 38–50 (2020).

19. van Klink, R. et al. InsectChange: a global database of temporal
changes in insect and arachnid assemblages. Ecology 102,
e03354 (2021).

20. GBIF.org. GBIF Occurrence Download. https://doi.org/10.15468/dl.
6vdkbn (accessed 8 December 2022).

21. Powney, G. D. et al. Widespread losses of pollinating insects in
Britain. Nat. Commun. 10, 1018 (2019).

22. O’Sullivan, J. D., Terry, J. C. D. & Rossberg, A. G. Intrinsic ecological
dynamics drive biodiversity turnover in model metacommunities.
Nat. Commun. 12, 3627 (2021).

23. Bowler, D. E. et al. Cross-realm assessment of climate change
impacts on species’ abundance trends. Nat. Ecol. Evol. 1,
0067 (2017).

24. Filgueiras, B. K.C., Peres,C. A.,Melo, F. P. L., Leal, I. R. & Tabarelli,M.
Winner-loser species replacements in human-modified landscapes.
Trends Ecol. Evol. 36, 545–555 (2021).

25. Blowes, S. A. et al. The geography of biodiversity change in marine
and terrestrial assemblages. Science 366, 339–345 (2019).

Article https://doi.org/10.1038/s41467-023-37127-2

Nature Communications |         (2023) 14:1463 9

https://github.com/Wubing-Xu/Range_size_winners_losers
https://doi.org/10.5281/zenodo.7675355
https://doi.org/10.5281/zenodo.7675355
https://doi.org/10.5281/zenodo.2602708
https://biotime.st-andrews.ac.uk/
https://doi.org/10.25829/idiv.1873-10-4000
https://doi.org/10.25829/idiv.1873-10-4000
https://doi.org/10.5063/F11V5C9V
http://onlinelibrary.wiley.com/doi/10.1002/ecy.3354/suppinfo
http://onlinelibrary.wiley.com/doi/10.1002/ecy.3354/suppinfo
https://doi.org/10.25829/idiv.3503-jevu6s
https://doi.org/10.25829/idiv.3503-jevu6s
https://doi.org/10.15468/dl.6vdkbn
https://www.protectedplanet.net/en/thematic-areas/wdpa?tab=WDP
https://www.protectedplanet.net/en/thematic-areas/wdpa?tab=WDP
https://github.com/Wubing-Xu/Range_size_winners_losers
https://github.com/Wubing-Xu/Range_size_winners_losers
https://doi.org/10.5281/zenodo.7675355
https://doi.org/10.5281/zenodo.7675355
https://doi.org/10.15468/dl.6vdkbn
https://doi.org/10.15468/dl.6vdkbn


26. Pinsky, M. L., Eikeset, A. M., McCauley, D. J., Payne, J. L. & Sunday, J.
M. Greater vulnerability to warming of marine versus terrestrial
ectotherms. Nature 569, 108–111 (2019).

27. Carvajal-Quintero, J. et al. Drainage network position and historical
connectivity explain global patterns in freshwater fishes’ range size.
Proc. Natl. Acad. Sci. USA 116, 13434–13439 (2019).

28. Bernhardt, E. S. et al. Synthesizing US river restoration efforts. Sci-
ence 308, 636–637 (2005).

29. van Klink, R. et al. Meta-analysis reveals declines in terrestrial but
increases in freshwater insect abundances. Science 368,
417–420 (2020).

30. UNEP-WCMC & IUCN. Protected Planet Report 2020. https://
livereport.protectedplanet.net (2021).

31. Gray, C. L. et al. Local biodiversity is higher inside than outside
terrestrial protected areas worldwide. Nat. Commun. 7,
12306 (2016).

32. Cazalis, V. et al. Effectiveness of protected areas in conserving
tropical forest birds. Nat. Commun. 11, 4461 (2020).

33. Jones, K. R. et al. One-thirdof global protected land is under intense
human pressure. Science 360, 788–791 (2018).

34. Foxcroft, L. C., Pyšek, P., Richardson, D. M., Genovesi, P. & MacFa-
dyen, S. Plant invasion science in protected areas: progress and
priorities. Biol. Invasions 19, 1353–1378 (2017).

35. Edgar, G. J. et al. Global conservation outcomes depend onmarine
protected areas with five key features. Nature 506, 216–220
(2014).

36. Hermoso, V., Abell, R., Linke, S. & Boon, P. The role of protected
areas for freshwater biodiversity conservation: challenges and
opportunities in a rapidly changing world. Aquat. Conserv.: Mar.
Freshwat. Ecosyst. 26, 3–11 (2016).

37. Nowakowski, A. J., Thompson, M. E., Donnelly, M. A. & Todd, B. D.
Amphibian sensitivity to habitat modification is associated with
population trends and species traits. Glob. Ecol. Biogeogr. 26,
700–712 (2017).

38. Stuart-Smith, R. D., Mellin, C., Bates, A. E. & Edgar, G. J. Habitat loss
and range shifts contribute to ecological generalization among reef
fishes. Nat. Ecol. Evol. 5, 656–662 (2021).

39. Lester, S. E., Ruttenberg, B. I., Gaines, S. D. & Kinlan, B. P. The
relationship between dispersal ability and geographic range size.
Ecol. Lett. 10, 745–758 (2007).

40. Pyšek, P. et al. The global invasion success of Central European
plants is related to distribution characteristics in their native range
and species traits. Divers. Distrib 15, 891–903 (2009).

41. Fristoe, T. S. et al. Dimensions of invasiveness: Links between local
abundance, geographic range size, and habitat breadth in Europe’s
alien and native floras. Proc. Natl. Acad. Sci. USA 118,
e2021173118 (2021).

42. Brown, J. H., Stevens, G. C. & Kaufman, D.M. The geographic range:
size, shape, boundaries, and internal structure. Annu. Rev. Ecol.
Syst. 27, 597–623 (1996).

43. Orme, C. D. L. et al. Global patterns of geographic range size in
birds. PLoS Biol 4, 1276–1283 (2006).

44. Sheth, S. N., Morueta-Holme, N. & Angert, A. L. Determinants of
geographic range size in plants. New Phytol 226, 650–665 (2020).

45. Di Marco, M. & Santini, L. Human pressures predict species’ geo-
graphic range size better than biological traits. Glob. Change Biol.
21, 2169–2178 (2015).

46. Gaston, K. J. & Blackburn, T. M. Range size-body size relationships:
evidence of scale dependence. Oikos 75, 479–485 (1996).

47. Lavergne, S., Thompson, J. D., Garnier, E. & Debussche, M. The
biology and ecology of narrow endemic and widespread plants: a
comparative study of trait variation in 20 congeneric pairs. Oikos
107, 505–518 (2004).

48. Laube, I. et al. Towards a more mechanistic understanding of traits
and range sizes. Glob. Ecol. Biogeogr 22, 233–241 (2013).

49. Trakimas, G., Whittaker, R. J. & Borregaard, M. K. Do biological traits
drive geographical patterns in European amphibians? Glob. Ecol.
Biogeogr. 25, 1228–1238 (2016).

50. Dornelas, M. et al. Assemblage time series reveal biodiversity
change but not systematic loss. Science 344, 296–299 (2014).

51. Chase, J. M. et al. Species richness change across spatial scales.
Oikos 128, 1079–1091 (2019).

52. Blowes, S. et al. Synthesis reveals biotic homogenisation and dif-
ferentiation are both common. Preprint at https://doi.org/10.1101/
2022.07.05.498812 (2022).

53. Sagouis, A., Blowes, S. A., Xu, W. B. & Chase, J. M. Metacommunity
resurveys: A large synthesis dataset of metacommunity time series
for the Anthropocene (Version 1.0) [Data set]. iDiv Data Repository
https://doi.org/10.25829/idiv.3503-jevu6s (2023).

54. GBIF Secretariat. GBIF Backbone Taxonomy. Checklist dataset.
https://doi.org/10.15468/39omei (accessed December 2022).

55. Gotelli, N. J. & Colwell, R. K. Quantifying biodiversity: procedures
and pitfalls in the measurement and comparison of species rich-
ness. Ecol. Lett 4, 379–391 (2001).

56. Verheyen, K. et al. Combining community resurvey data to advance
global change research. Bioscience 67, 73–83 (2016).

57. Stuble, K. L. et al. The promise and the perils of resurveying to
understand global change impacts. Ecol. Monogr. 91,
e01435 (2021).

58. Chamberlain, S. et al. rgbif: Interface to the global ‘Biodiversity’
information facility API, version 3.6.0. https://cran.r-project.org/
package=rgbif (2021).

59. Zizka, A. et al. CoordinateCleaner: Standardized cleaning of
occurrence records from biological collection databases.Methods
Ecol. Evol. 10, 744–751 (2019).

60. Gaston, K. J. & Fuller, R. A. The sizes of species’ geographic ranges.
J. Appl. Ecol 46, 1–9 (2009).

61. García-Roselló, E. et al. Can we derive macroecological patterns
from primary Global Biodiversity Information Facility data? Glob.
Ecol. Biogeogr. 24, 335–347 (2015).

62. Mauri, A., Strona, G. & San-Miguel-Ayanz, J. EU-Forest, a high-
resolution tree occurrence dataset for Europe. Sci Data 4,
160123 (2017).

63. Pateiro López, B. & RodríguezCasal, A. Generalizing the convex hull
of a sample: the R package alphahull. J. Stat. Softw.34, 1–28 (2010).

64. Guo, W. Y. et al. High exposure of global tree diversity to human
pressure. Proc. Natl. Acad. Sci. U.S.A. 119, e2026733119 (2022).

65. United Nations Environment Programme (UNEP) & International
Union for Conservation of Nature (IUCN). World Database on Pro-
tected Areas (WDPA): October 2022 release. https://www.
protectedplanet.net/en/thematic-areas/wdpa?tab=WDPA (2022).

66. Bürkner, P.-C. brms: An R package for Bayesian multilevel models
using Stan. J. Stat. Softw. 80, 1–28 (2017).

67. Jandt, U. et al. More losses than gains during one century of plant
biodiversity change in Germany. Nature 611, 512–518 (2022).

68. R Core Team. R: A language and environment for statistical com-
puting, version 4.0.2. R Foundation for Statistical Computing.
https://www.r-project.org/ (2020).

69. Xu, W. B. et al. Regional occupancy increases for widespread spe-
cies but decreases for narrowly distributed species in meta-
community time series. Zenodo. https://doi.org/10.5281/zenodo.
7675355 (2023).

Acknowledgements
We thank all of the authors who contributed their data or gave us per-
mission to include it in this study. Conversations with members of the
extended ‘Biodiversity Synthesis’ group at iDiv helped us to develop the
analyses and presentations in several ways. We acknowledge L. Fig-
ueiredo and A. Kazem from the iDiv Data & Code Unit for assistance with
curation and archiving of the metacommunities resurveys dataset.

Article https://doi.org/10.1038/s41467-023-37127-2

Nature Communications |         (2023) 14:1463 10

https://livereport.protectedplanet.net
https://livereport.protectedplanet.net
https://doi.org/10.1101/2022.07.05.498812
https://doi.org/10.1101/2022.07.05.498812
https://doi.org/10.25829/idiv.3503-jevu6s
https://doi.org/10.15468/39omei
https://cran.r-project.org/package=rgbif
https://cran.r-project.org/package=rgbif
https://www.protectedplanet.net/en/thematic-areas/wdpa?tab=WDPA
https://www.protectedplanet.net/en/thematic-areas/wdpa?tab=WDPA
https://www.r-project.org/
https://doi.org/10.5281/zenodo.7675355
https://doi.org/10.5281/zenodo.7675355


W.B.X., S.A.B., J.M.C., R.v.K., and D.M. were supported by the German
Centre for Integrative Biodiversity Research (iDiv) Halle-Jena-Leipzig,
funded by the German Research Foundation (DFG FZT-118, 20254881);
B.J.M. was supported by NSF EPSCOR Track II 201947 and USDA Hatch
grant (MAFES #1011538); N.J.G was supported by NSF EPSCOR Track II
201947; I.S.M. was supported by the European Union’s Horizon 2020
research and innovation program under Marie Sklodowska -Curie grant
(no. 894644); H.S. was supported by Japan Society for the Promotion of
Science (JP19K21569 and JP21H03402); A.E.M. andM.D. were supported
by Leverhulme Trust (RPG-2019-402). A.F.E acknowledges the Fisheries
Society of the British Isles Studentship. BioTIME used here was sup-
ported by ERCAdG250189 andPoC 727440 (to A.E.M.), and Leverhulme
Trust Research Centre–the Leverhulme Centre for Anthropocene Bio-
diversity (to M.D.). Some of the data analyzed here were collected using
NSF grants to the LTER Network (NSF06‐20443, 8811906, 9411976,
0080529, 0217774, DEB-0423704, DEB-1633026, DEB-1637685, DEB-
1256696, DEB-0832652, DEB-0936498, DEB-1832016, DEB-0620652
DEB-1234162, OCE-9982133, OCE-0620959, OCE-1237140, and OCE-
1832178).

Author contributions
W.B.X., J.M.C., S.A.B., D.M., A.E.M., N.J.G., B.J.M., andM.D. conceived the
idea for the study; W.B.X., S.A.B., V.B., C.F.Y.C., A.F.E., I.S.M. D.M., F.M.,
A.S., H.S., R.v.K., A.E.M., N.J.G., B.J.M., M.D., and J.M.C. contributed to
data collection; W.B.X. analyzed the data with help from S.A.B.; W.B.X.
and J.M.C. wrote the first version of the manuscript, and all authors
substantially edited the text.

Funding
Open Access funding enabled and organized by Projekt DEAL.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-023-37127-2.

Correspondence and requests for materials should be addressed to
Wu-Bing Xu or Jonathan M. Chase.

Peer review information Nature Communications thanks Tadeu
Siqueira, and the other, anonymous, reviewers for their contribution to
the peer review of this work. Peer reviewer reports are available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons license, and indicate if
changes were made. The images or other third party material in this
article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not
included in the article’s Creative Commons license and your intended
use is not permitted by statutory regulation or exceeds the permitted
use, you will need to obtain permission directly from the copyright
holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2023

Article https://doi.org/10.1038/s41467-023-37127-2

Nature Communications |         (2023) 14:1463 11

https://doi.org/10.1038/s41467-023-37127-2
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Regional occupancy increases for widespread species but decreases for narrowly distributed species in metacommunity time series
	Results and discussion
	Relationships between species range size and occupancy change
	Variation in range-size occupancy-change relationships across realms
	Effectiveness of protected areas
	Caveats and implications

	Methods
	Temporal metacommunity assemblage data
	Harmonizing taxon names
	Data standardization
	Calculating occupancy change
	Estimating range size
	Protected status
	Statistical analyses
	Model fitting
	Sensitivity analyses
	Reporting summary

	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Funding
	Competing interests
	Additional information




