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Abstract: Meltwater from the cryosphere contributes a significant fraction of the freshwater resources
in the countries receiving water from the Third Pole. Within the ESA-MOST Dragon 4 project,
we addressed in particular changes of glaciers and proglacial lakes and their interaction. In ad-
dition, we investigated rock glaciers in permafrost environments. Here, we focus on the detailed
investigations which have been performed in the Poiqu River Basin, central Himalaya. We used in
particular multi-temporal stereo satellite imagery, including high-resolution 1960/70s Corona and
Hexagon spy images and contemporary Pleiades data. Sentinel-2 data was applied to assess the
glacier flow. The results reveal that glacier mass loss continuously increased with a mass budget
of —0.42 + 0.11 m w.e.a™! for the period 2004-2018. The mass loss has been primarily driven by an
increase in summer temperature and is further accelerated by proglacial lakes, which have become
abundant. The glacial lake area more than doubled between 1964 and 2017. The termini of glaciers
that flow into lakes moved on average twice as fast as glaciers terminating on land, indicating that
dynamical thinning plays an important role. Rock glaciers are abundant, covering approximately
21 km?, which was more than 10% of the glacier area (approximately 190 km?) in 2015. With ongoing
glacier wastage, rock glaciers can become an increasingly important water resource.

Keywords: Himalaya; glacier changes; glacier velocity; geodetic method; glacial lakes; rock glacier

1. Introduction

Meltwater from the cryosphere contributes a significant fraction of the freshwater
resources in China and in the countries receiving water from the mountains of Asia, also
called the Third Pole [1]. However, glaciers in most parts of High Mountain Asia (HMA)
are shrinking and loosing mass, and permafrost is thawing as in most other areas on
Earth, endangering reliable water supply [2-5]. Retreating glaciers allow proglacial lakes to
develop behind their terminal moraines or in overdeepenings carved by the erosional power
of the ice. These proglacial lakes can further increase glacier mass loss [6,7] but also pose a
serious threat to downstream communities and infrastructure [8,9]. Debris-covered glaciers
which are prone to lake development [10] are abundant in the Himalaya [11,12]. Even
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though a thick layer of debris insulates the ice, debris-covered glaciers in the Himalaya have
been found to lose mass at similar or even higher rates than debris-free glaciers [6,13,14].
Rock glaciers are another important component of the cryosphere and are abundant in the
Himalaya and elsewhere in most parts of HMA [15-17]. They are characteristic landforms
located in the permafrost environment, contain a significant amount of ice, and show
cumulative deformation [17,18].

Remote sensing is an effective tool to identify and investigate the characteristics
and changes the different components of the cryosphere as well as glacial lakes. This is
particularly true as they are located in remote mountain areas that are often difficult or
impossible to access on the ground [19-21]. Multitemporal optical satellite data such as
ASTER, Landsat or Sentinel-2 have been widely used to map glaciers and glacial lakes
and their changes on local [22-25], large regional [26-28] and even global scale [29,30]
since the 1980s. These multi-temporal data also allow glacier surface velocities to be
investigated [31-33]. While Landsat has the advantage of temporal coverage since the
1980s, the higher spatial resolution of Sentinel-2 (10 m vs. 30 m) available since 2015 allows
higher accuracy and smaller glaciers and glacial lakes to be examined [34,35]. The analysis
of multi-temporal digital elevation models (DEMs) is the most effective way of investigating
glacier mass budget changes over broad spatial and temporal scales. This commonly used
approach is a geodetic method that has been widely applied at local [36,37], regional [38—40]
and even global level [41] to study glacier mass changes. Regional and global estimates have
been available since the year 2000, when spatially and temporally resolved observations of
glacier height changes became possible thanks to constantly orbiting stereoscopic satellite
sensors such as ASTER and the SRTM DEM, commencing 11-18 February 2000 during a
dedicated Space Shuttle Mission [42]. The assessment of geodetic glacier mass balance
previous to 2000 is more difficult due to a scarcity of appropriate data, data quality issues
within available datasets and data access limitations. Recent advances in image processing
techniques have begun to unlock the potential held in the earliest stereoscopic satellite
image archives, such as Corona KH-4 (operational 1962-1972) and KH-9 (1971-1986),
which have been proven to enable longer-time series ([6,43—46]). In combination with
data from more modern sensors (e.g Pléaides, Satellite pour 1'Observation de la Terre-
SPOT, ASTER), these data have the potential to yield a record of glacier mass fluctuations
across six decades, in turn-providing information regarding the long-term response of the
high-mountain environment to climate change [36,47,48].

The main aim of the work conducted within the framework of the Dragon 4 project
was to study the cryosphere and its changes in different regions in HMA and understand
different drivers of the changes. We therefor mapped glaciers and rock glaciers, estimated
glacier velocities and investigated long-term glacier mass changes and changes in glacial
lakes, along with analysis of climatic data. In this paper, we focus on the Poiqu River
Basin (hereafter called the Poiqu basin), located in central Himalaya where comprehensive
investigations, including joint field work, were conducted by European and Chinese
scientists, and where multi-temporal high resolution satellite data was available.

The Poiqu basin covers approximately 2000 km? and drains from the Tibetan Plateau
in the north into Nepal in the south (lowest elevation at the border is 1540 m above sea
level, a.s.l.). The northern water divide is approximately 5500 m a.s.l., and many mountain
peaks exceed 7000 m a.s.l., with the highest peak being Mt. Shishapangma (8024 m a.s.1.)
(Figure 1). Consequently, the overall mean elevation is relatively high (~4970 m a.s.l.). The
climate is largely influenced by the Indian monsoon. ERA5 Land data analysis revealed a
mean annual air temperature (MAAT) of —2.4 °C at the mean elevation of the basin and a
mean annal precipitation average over the whole basin of approximately 1710 mm, with
more than 80% of the precipitation occurring in the summer [47]. The glaciers are located
at a much higher elevation than the weather station; it can therefore be assumed that the
glacier are of summer-accumulation type. Long term measurements at Nyalam (also called
Nielamu) weather station have an average of 3.8 °C at 3750 m a.s.l. [49]. The 0°-isotherm is
located at approximately 4300 m a.s.l. and the equilibrium line altitude (ELA) of the glaciers
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at about 5600 m a.s.l. [2,43,50]. The temperature measured at Nyalam station increased on
average by 0.24 °C per decade, along with a slight precipitation decrease (—7.6 mm per
decade) [49].
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Figure 1. Study region, its glaciers and glacial lakes; background image: Sentinel 2 MSI image mosaic
from Dec 2021, false colour composite (SWIR-NIR-RED).

2. Project, Sub-Projects, EO and Other Data Utilisation
2.1. List of Sub-Projects and Teaming

The overall project to study the cryosphere and its changes in different regions in HMA
was subdivided into the four subprojects according to the investigated features and topics
a: (1) glacial lakes, (2) glacier mass changes, (3) glacier velocity and (4) rock glaciers. The
team consisted of researchers from the University of St Andrews, UK, and the University
of Zurich, Switzerland, as well as the Institute of Tibetan Plateau Research, Beijing, China
and the Chinese University of Hongkong, China.

2.2. Description and Summary Table of Earth Observation and Other Data Utilized

The data used are based on medium-high to very-high resolution remotely-sensed
optical and radar imageries acquired between 1964 and 2018 (Table 1). Glacial lake mapping
and glacier surface elevation changes were estimated by using imageries collected by
Corona KH-4A (spatial resolution 2.7 m), Hexagon-KH9 (7.6 m), Advanced Spaceborne
Thermal Emission Reflection Radiometer (ASTER) (15 m), Pléiades (0.5 m) and SPOT-7
(1.5 m) [6,47,49,51]. Additionally, to identify the rock glacier activity, ALOS-1 PALSAR
fine-beam mode L-band (10 m) radar imageries were utilised [51]. Glacier surface velocity
was estimated by Sentinel-2 MSI (10 m) imageries [52]. Moreover, several Landsat archives
were explored, including Thematic Mapper (TM) (30 m), Enhanced Thematic Mapper
plus (ETM+) (30 m multispectral, 15 m in the panchromatic band) and Operational Land
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Imager (OLI) (30 m multispectral, 15 m panchromatic band) for glacier and glacial lake
mapping [45]. The details of remote sensing imagers are their usages are presented in
Table 1.

Table 1. Satellite data used within this study.

Satellite Sensor No. of Scenes Date Scene IDs Usage
DS1014-2118DA188 D%ﬁlfléﬁ‘;fg
DS1014-2118DA189 '
Corona DS1014-2118DA190
KH-4A 7 26/11/1964 DS1014-2118DA191
DS1014-2118DF187
DS1014-2118DF188
DS1014-2118DF189
23/11/1974 DZB1209-500101L006001 Glacial lakes, DEM 1,
Hexagon KH9 MC 2 DZB1209-500101L007001 OMB2
23/09 /2004 AST_L1A_00309232004045839_
105/ 20191216041641_19157
AST_L1A_00309232004045848 _
20191216041641_19161
16/10/2004 AST_L1A_00310162004050426_
/10/ 20191216041651_19216
AST_L1A_00310162004050435_
20191216041651_19218 1 2
Terra ASTER 8 23/10/2009 AST_L1A#00310232009045933 _ DEM’, GMB
10262009104316
AST_L1A#00310232009045924 _
10262009104307
20/10/2017 AST_L1A#00310202017050548_
/10/ 10212017083708
26/10/2019 AST_L1A#00310262019050517_
10272019083336
16/07/2007 ALPSRP078570550
31/08,/2007 ALPSRP085280550
16/10/2007 ALPSRP091990550
ALOS PALSAR 7 16/01/2008 ALPSRP105410550 Rock glacier activity
02/03/2008 ALPSRP112120550
02/06/2008 ALPSRP125540550
18/07/2008 ALPSRP132250550
Landsat TM/ETM+/OLI 107 1988-2017 For details see [49] Glaciers, glacier
velocity, glacial lakes
DS_PHR1A_201809250511185_
25/09/2018 FR1_PX_E085N28_1110_03316
26/09/2018 DS_PHR1B_201809260504010_
709/ FR1_PX_E086N28_0105_05430
27/09/2018 DS_PHR1A_201809270456239_
105/ FR1_PX_E086N28_0510_01804
03/10/2018 DS_PHR1B_201810030500231_
FR1_PX_E086N28_0309_02182
B 15/10/2018 DS_PHR1B_201810150507481_ 1 2
Pléiades 1A/1B 10 /107 FRT_PX_EO85N28_1103_02921 DEM_, GMB_ rock
15/10/2018 DS_PHR1B_201810150507593_ E PPIE
FRI_PX_E086N27_0123_00862
02/10/2018 DS_PHR1B_201810220504174_
/10/ FR1_PX_E086N28_0102_01804
03/11/2018 DS_PHR1B_201811030511344_
FRI_PX_E085N28_0715_03053
04/11,/2018 DS_PHR1A_201811040503518_
FR1_PX_E085N28_1108_01768
02/10/2018 DS_PHR1A_201810020508169_
/10/ FR1_PX_E085N28_0911_05204
SPOT-7 HRVIR 1 10/201 DS_SPOT7_201510060438227 _ 1 2
06/10/2015  Lp 1 R SE1_SE1 E0S6N28. 01303 DEM", GMB
Sentinel 2 MSI 149 Nov 22%1169_N0V For details see [52] Glacier velocity

1 Generation of digital elevation model, 2 Calculation of glacier mass balance.
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3. Background, Research and Approach for the Different Topics
3.1. Glacial Lakes
3.1.1. Background and Research Aims

Glacial lakes emerge with glacier retreat, either by filling overdeepenings carved by
the erosional power of glaciers or the proglacial area behind the terminal moraine (Figure 2).
These glacial lakes impact glacier mass loss [6,7], and glacial lake outburst floods (GLOFs)
can occur in the case of a breach of the damming moraines. They can have severe impacts
to the downstream area and infrastructure [8,14,53] At least eight major GLOFs with strong
impacts have been recorded in the Poiqu basin, including repeating GLOF events from
Jialong Co and Cirenam Co, e.g., [54,55]. This basin has been identified as an area with
one of the highest dangers of GLOFs in HMA [8,56]. Knowledge regarding the occurrence
and changes of glacial lakes is important for understanding the evolution of glaciers and
glacial lakes and to estimate the likelihood of GLOF occurrence. The main aims of the
investigations were therefore to map glacial lakes and to generate a detailed time series of
their changes using multi-temporal satellite data acquired since the 1960s.

Figure 2. Jialong Co (left, photo: T. Bolch) and Garlong Co (right): photo: ]J.B. Pronk, moraine-
dammed proglacial lakes located in the Poiqu River Basin.

3.1.2. Research Approach

Glacial lakes were mapped using 1964 Corona KH-4A declassified spy imagery (spatial
resolution ca 2.7 m), 1974 Hexagon KH-9 (ca. 7 m) and a detailed time series from 1988
to 2017 of Landsat TM/ETM+/OLI images (30/15 m) (Table 1). The only available cloud-
free declassified data were acquired in November, but the lakes were well identifiable
nevertheless. The lakes were delineated manually based on panchromatic KH-4A and
KH-9 images. The lakes were automatically identified using the Landsat scenes from each
year with the best snow and cloud conditions (usually acquired at the end of the ablation
and Monsoon period, end August/beginning of September) based on the Normalised
Difference Water Index (NDWI, green-NIR/green + NIR) [57]. An alternative NDWI
using the blue band instead of the green band was suggested to map glacial lakes [23].
The different NDWIs were widely used for glacial lake mapping (e.g., [29,43,58]). The
minimum size threshold was set at 0.007 km?. The mapping results were visually checked
based on the same and additional available scenes, and misclassifications were manually
rectified. We visually classified the lakes into moraine-dammed, bedrock dammed and
supra-glacial lakes. For more information, refer to Zhang et al. (2019) [49].

3.2. Glaciers: Mass Changes
3.2.1. Background and Research Aims

Glaciers react sensitively to climatic variations and are therefore good climatic indica-
tors in elevations where weather stations are rare or not existing. Moreover, they contribute
to river runoff and are an important and reliable source of water, particularly for the arid
regions surrounding the mountains [1,5,59] or in dry periods or periods of droughts [60].
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In most parts of the Himalayas, the main accumulation season for glaciers is during the
summer monsoon, coinciding with the main ablation season. As a result, peak runoff
from glaciers is similar in timing to peak runoff from pluvial segments [61]. However,
even though the timing is similar, glacier melt provides reliable runoff while monsoon
precipitation can have high interannual variations [5,60]

With increasing glacier mass loss, the glacier runoff initially increases, but with further
shrinking glaciers the runoff decreases after a tipping point is reached. This time of “peak
water” is projected for the next decades for most large Asian river catchments but is already
over in less glacierised catchments with smaller low-lying glaciers [4,62]. The utilised glacio-
hydrological models are calibrated and validated using past observations and detailed, and
long-term observations are required to improve the projections.

In this subproject, we therefore aimed to generate the longest possible time series of
geodetic glacier mass balance estimates from available archives of optical stereo imagery.
Using these data, we aimed to examine the response of glaciers in the Poiqu basin, along
with those in the Himalaya as a whole, to both changes in climate (temperature, precipi-
tation) and glacier morphology (proglacial lake development). Collectively, we aimed to
disentangle the impact of climatic and non-climatic factors on glacier mass budgets in the
Poiqu basin and beyond in order to better understand the likely future evolution of glaciers
in the region under continued climate change.

3.2.2. Research Approach

We derived a time series of DEMs covering the Poiqu basin using imagery from the
Hexagon KH-9, ASTER and Pléiades sensors (Table 1) [47]. These multi-temporal DEMs
provided a record of glacier surface elevation change spanning two periods over 44 years
(1974-2004, 2004-2018). The earlier study [6] used similar Hexagon data but used SRTM
and HMA DEM instead of ASTER and Pléiades data. From the DEM difference grid, we
generated geodetic mass balance estimates following established processing steps (e.g.,
co-registration, outlier filtering, gap filling) and volume-to-mass conversion [45,63—66].
DEM coverage allowed for the derivation of glacier mass loss estimates for 148 glaciers
in the basin (71% total glacier area) over the two time periods. In order to obtain more
detailed information about the evolution of mass changes, we compiled a time series for
the adjacent Langtang valley where data from a previous study [67] and suitable Corona
scenes were available. The available DEMs allowed us to cover a time span of more than 50
years (1964-2018), with six subperiods. For more information, refer to King et al. (2019) [6]
and Bhattacharya et al. (2021) [47].

In order to assess the impact of climate change on glaciers, we compiled a time series of
meteorological observations (Nielamu, 3810 m a.s.l) and reanalysis data (ERA5 Land). We
examined the correlation between summer temperature and solid precipitation anomalies
and glacier mass budgets to decipher the impact of climatic change on glacier mass budget
perturbations (cf. [47]). Similarly, we examined the differences in glacier mass loss rates
from glaciers of two different terminus types: those terminating into a large proglacial lake
and those terminating on land (cf. [6,52]).

3.3. Glacier Velocity
3.3.1. Background and Research Aims

Long-term glacier mass changes induce substantial variability in glacier flow, which in
turn impacts ice fluxes and glacier hypsometry (the distribution of ice with elevation). As
with glacier surface elevation change, remote sensing is by far the most powerful tool with
which we can assess large scale fluctuations in glacier flow in response to climate change.
The tracking of features present at glacier surfaces between pairs of images separated by a
few weeks, months or even years is a commonly applied method of deriving glacier surface
velocity fields [68,69]. Dehecq et al. (2019) [70] derived HMA-wide glacier surface velocity
estimates by employing feature tracking on Landsat image pairs. Whilst the Landsat
archives provide unparalleled spatial and temporal coverage of earth-surface conditions
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over the last few decades, the recent operation of the Sentinel-2 satellites has improved
the spatial, radiometric and temporal resolution at which we can observe the cryosphere.
Improvements in our capability to resolve glacier flow are particularly important in high
mountain regions, where the extreme topography and snow cover limits the accuracy and
coverage of glacier velocity fields.

The main aim of this subproject was to derive Himalaya-wide glacier surface velocity
estimates for a contemporary time period using Sentinel-2 imagery. Using these data, we
aimed to examine the variability of glacier flow depending on glacier morphology, aspect,
surface cover and terminus type. Within this paper, the main aim is to present the results
for the Poiqu basin and put them into the context of the wider Himalaya.

3.3.2. Research Approach

We used, in particular, the 10-m near-infrared band (band 8) from the Sentinel-2
imagery, which is well suited for tracking the features on glaciers due to the contrasting
spectral properties of fresh snow and firm and clean ice at this wavelength [35]. The
higher resolution compared to Landsat sensors allowed us to work with glaciers larger
than 3km?, compared to the 5km? previously utilized by [70]. This enabled us to add
substantially more glaciers to our dataset. We classified glaciers as lake-terminating when
the glacier shows a clear terminal ice cliff in direct contact with the lake, and we based
our classification on the glacial-lake inventory of [21,49]. We selected multiple image pairs
of the same locality to maximize the velocity field coverage. The final velocity field is an
average of all the valid velocity estimates, a strategy successfully explored by several studies
(i.e., [31,71]). In this study, we used the orientations-correlated feature-tracking method, as
this method has proven to perform best under most circumstances [33]. We matched the
orientation of the intensity gradient that is contained in the phase of the orientation image
by correlating the images in the frequency domain with fast Fourier transforms (FFTs).
After this initial estimate, we then refined the maximum estimation by up-sampling the
product of the two orientation images in the frequency domain in a small neighbourhood
of the initial maximum [72]. To assess the uncertainty in the velocity field and to reduce
systematic offsets in the x- and y-displacement fields, a large 100 km x 100 km stable area
was selected, of which we could reasonably assume the displacement to be zero. For further
information, refer to Pronk et al. (2021) [52]. The results of this study were compared to
earlier results calculated based on Landsat OLI panchromatic images from 2013-2017 using
COSI-Corr [68] for the Poiqu basin within the study of Zhang et al. (2019) [49].

3.4. Rock Glaciers: Occurrence, Characteristics and Mapping Challenges
3.4.1. Background and Research Aims

Rock glaciers are distinctive geomorphological landforms located in permafrost envi-
ronments and produced by cumulative deformation through long-term viscous creep of
perennially frozen angular rocks (talus, moraines) rich in ice [17,18,73]. Rock glaciers are
commonly classified into three groups according to their kinematic status and amount of
the internal ice: active, inactive and relict. In addition, they can be separated into talus-
derived and moraine-derived rock glaciers [17]. Different opinions regarding the origin
of the ice have been proposed, but it is commonly accepted that rock glaciers are related
to permafrost occurrence [74]. Rock glaciers contain a significant amount of ice and can
therefore provide a relevant contribution to water supply and alter river runoff [16,17,75].
Knowledge regarding rock glacier characteristics and occurrence has increased during the
last few years globally and also in HMA [16,76-78], but there are still many missing regions,
including the Poiqu basin. Moreover, mapping approaches and definitions also vary be-
tween the studies, which thus constitutes a major problem in rock glacier inventories [79].
The main aim of this research was to generate a consistent rock glacier inventory for the
Poiqu basin using available very-high-resolution Pléiades images and related generated
DEMs and characterise the activity and occurrence of the landforms based on the Pléiades
and InSAR data.
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3.4.2. Research Approach

Automated methods to identify rock glaciers, such as using deep learning and object-
based image analysis techniques are in development (e.g., [72,80]), but are associated with
high uncertainties and are not yet suited for accurate mapping. Manual delineation is
therefore the most accurate method to identify rock glaciers. A high resolution is important
to be able to correctly identify the geomorphological landforms and distinguish them from
similar looking landforms, such as rock fall deposits [79].

We used very-high-resolution Pléiades data and a hillshade based on the generated
Pléiades DEM (see Section 3.2) to manually digitise the outlines. Images available from
Google Earth were used as additional information. The DEM was also used to extract
topographic information about the rock glaciers. The activity status was determined with
the help of InNSAR and was based on morphological indication. Radar interferograms were
generated from the ALOS-1 PALSAR data by standard interferometric processing to find the
line-of-sight (LOS) displacement of the ground surface. SRTM DEM was used to estimate
and remove the topographic phases. Finally, an adaptive Goldstein filter (8 x 8 pixels) was
used to mitigate the phase noise. Rock glaciers were classified as active in cases where
fringes were observed in rock glaciers or parts of rock glaciers previously identified. Rock
glaciers were further classified as active when the rock glacier front was steep and fresh
looking or a clear ridges-and-furrow structure was visible. The rock glaciers were further
classified as talus-derived or moraine-derived based on the visually identified source of
rock material. For further information, refer to Rastner et al. (in review) [51].

4. Research Results
4.1. Glacial Lakes

The number of glacial lakes increased from 73 in 1984 to 99 in 2000. Thereafter the
number remained, on average, similar (102 in 2017). Three lakes have a relatively large
area, for example, Galong Co is the largest lake, with an area of ~5.5 km? in 2017, and the
other two large lakes are Gangxi Co (4.5 km?) and Gung Co (2.1 km?). Four lakes (Jialong
Co, Paquci, Youmojan Co, Cawuquden Co) have areas of each ~0.5 km?. Sixteen lakes each
have areas in the range of 0.1—0.5 km?, and another 79 lakes have small areas of less than
0.1 km?,

The lake area doubled from 9.7 + 0.1 km? in 1964 to 20.5 4= 0.4 km? in 2017. The area
increase reduced after 2010 but was still evident. The area increase is particularly evident
for the larger lakes (area > 0.02 km?; 64 lakes having been larger than this threshold in
2017) and moraine-dammed glacial lakes. The drop of the area increase rates after 2010 are
mainly due to the fact that few lakes reached their maximum possible extent governed by
the topography. Their parent glaciers retreated further, and their tongues are now located
at the slopes above the lakes. It is also important to consider that several glacial lakes
have experienced an outflow or even a GLOF, causing a significant area loss of these lakes
(Figure 3). From historical records, we know that four lakes (Taraco, Cirenma Co, Jialong
Co, and Gongbatongsha Tsho) have drained as a result of a GLOF [54,55].

4.2. Glacier Mass Changes

Glaciers in the Poiqu basin have thinned and retreated substantially over the last
five decades, and their mass budget has been negative over the full study period as a
result [6,47,49]. The mean glacier mass balance, derived by two individual studies con-
tributing to the Dragon 4 project, match well (—0.36 + 0.07 m w.e.a~! for 1974-2018
cf. [47] and —0.33 £ 0.12 m w.e.a~ ! for 1974-2017, cf. [49]), giving confidence in the re-
sults. Comparison of multi-temporal mass balance estimates shows that the rate of ice
loss has increased substantially over the last 44 years. Between 1974 and 2004, the mean
mass balance of glaciers in the basin was —0.30 & 0.10 m w.e.a~!. The rate of ice mass
loss was approximately 40% higher between 2004 and 2018, when glaciers lost mass at a
mean rate of —0.42 & 0.10 m w.e.a~ ! [47]. The Langtang valley (mean elevation ~5182 m)
adjacent to the Poiqu basin experienced a slightly higher mass loss rate in the recent period
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(—0.50 £ 0.11 m w.e.a™! for 2004-2019) and a slightly lower one in the earlier time period
(—0.24 £ 0.10 m w.e.a~ ! for 1974-2004). The mass loss for the six individual periods con-
stantly increased from —0.20 & 0.09 m w.e.a~! for 1964-1974 to —0.59 + 0.114 m w.e.a™!
for 2017-2019 [47]. The debris-covered Langtang (G085816E28470N), maximum, mini-
mum and mean elevations are 6617 m, 4506 m and 5333 m, respectively, and Langshisha
(G085747E28200N) glaciers, maximum, minimum and mean elevations are 6375 m, 4530 m
and 5270 m, respectively, and showed increased mass loss rates throughout the time span
(027 £0.10m w.e.a ' and —0.37 £ 0.10 m w.e.a~ ! for 1964-2004, —0.62 + 0.12m w.e.a !
and —0.61 + 0.12 m w.e.a~! for 2004-2019, respectively).
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Figure 3. Area change of glacial lakes between 1964 and 2017 (data source: [42]).



Remote Sens. 2022, 14, 1927 10 of 18

A clear contrast was evident in the retreat and mass balance of glaciers of different
terminus types in the Poiqu basin [6,49]. Both studies agree that glaciers terminating
into proglacial lakes exhibited substantially higher rates of ice mass loss than glaciers
terminating on land across both study periods. The higher surface elevation changes
of most glaciers terminating in a lake can also be identified visually based on the DEM
difference grid (Figure 4). Between 1974 and 2000, lake-terminating glaciers in the Poiqu
basin lost ice at a mean rate of —0.36 & 0.10 m w.e.a~!, in comparison to land-terminating
glaciers, which lost ice mass at a mean rate of —0.24 & 0.10 m w.e.a~ 1 over the same time
period. Between 2000 and ~2015, lake-terminating glaciers lost ice mass at a mean rate of
—0.48 £+ 0.12 m w.e.a~ !, compared to a rate of —0.35 & 0.11 m w.e.a~! for land-terminating
glaciers over the same time period [6]. Zhang et al. (2019) [49] report a more negative mass
balance of —0.60 + 0.04 m w.e.a~! (elevation change —0.71 + 0.05 m w.e.a~!) for the eight
glaciers which have been or are still in contact w